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Abstract 
This study identifies potential factors that can motivate or hinder the acceptance of online financial 
services. The results pinpoint that the TAM2 is a valid way to predict consumer’s purpose under the 
study to explain the difference between adopters and non-adopters model. Indicators such as the 
protection of privacy perceived, perceived safety and consumer innovativeness demonstrate a 
significant positive relationship with them and significantly predict who is more likely to adopt. The 
findings may help financial institutions to express appropriate marketing strategies, designing effective 
online systems and accelerate the dissemination and use of these. 

Keywords: Technology acceptance model, acceptance, financial services online, Data protection, 
security. 

1 INTRODUCTION  
Despite enormous investments of financial institutions in the metropolitan area of Monterrey online 
financial services, acceptance of them by consumers has been slower than expected. Some of them 
are still in the process of growth, while others are more mature. 

The intent of this study was to identify potential elements that may affect acceptance of online financial 
services consumers in the metropolitan area of Monterrey. Both theoretical and empirical studies 
associated with the acceptance of information technology (IT) provide a consistent basis for examining 
the acceptance by consumers. 

2 LITERATURE REVIEW 
The technology acceptance model (TAM) is specially designed to explain and predict the behavior of 
the acceptance of IT at work, specifying the determinants in relations use of belief-attitude-intention-TI 
[1] [2] [3] (Davis, 1989; Davis , Bagozzi & Warshaw, 1989; Davis & Venkatesh, 2000). They stated that 
the objective of TAM was parsimonious and theoretically justified provide models that explain the 
indicators of IT acceptance in a wide range of IT by user populations. Therefore, this research model 
retains the main variables of TAM: perceived usefulness and perceived ease of use. It is worth 
mentioning that, as stated before, the extended version of TAM, TAM2, eliminated building attitude and 
restructured theories of the association between beliefs and behavioral intention. TAM2 postulated that 
both beliefs, perceived usefulness and perceived ease of use, directly influence the behavioral intention 
to adopt information systems based on Internet and IT [4] [3] (Davis & Venkatesh, 1996, 2000). 
Therefore, to be in line with TAM2, building attitude research framework of this study is eliminated. 
Therefore, the study hypotheses were:  

• H1: The perceived utility will positively influence the intention of the people in Monterrey to use 
online financial services 

• H2: The perceived ease of use will positively influence the intention of the people in Monterrey to 
use online financial services. 

• H3: Consumer Innovation will positively influence the intention of the people in Monterrey to use 
online financial services. 

• H4: The perceived protection of privacy will positively influence the intention of the people in 
Monterrey to use online financial services 

• H5: Perceived security will positively influence the intention of the people in Monterrey to use 
online financial services. 
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• H6: The reputation of the company will positively influence the intention of the people in Monterrey 
to use online financial services. 

• H7: The convenience will positively influence the intention of Mexicans to use online financial 
services. 

• H8: Internet related experience will positively influence the intention of Mexicans to use online 
financial services. 

• H9: There will be significant differences in the determinants of financial services online between 
adopters and non-adopters. 

Based on the above assumptions, the determining of acceptance of online financial services include: 
(a) perceived utility, (b) perceived ease of use, (c) innovation consumer, (d) protection of perceived 
privacy ( e) perceived safety, (f) convenience, (g) the reputation of the company, (h) experience related 
to Internet, (i) intention to adopt online financial services. Through the mediating effect of intent, they 
are classified further as adopters and non-adopters. As it is shown in Figure 1. 

 
Source: self-made 

3 RESEARCH METHOD 

3.1 Sampling procedure 
The target population are Internet users in the metropolitan area of Monterrey, it was used the non-
probability sampling method [5] (Craig & Douglas, 2005); Therefore, the convenience sampling 
technique was used in this study. 

To effectively reach the target population, first the metropolitan area of Monterrey was chosen, which is 
the one with the largest population and the higher Internet penetration rate. Then, canters and shopping 
districts that attract Internet users within the metropolitan area of Monterrey were chosen at random, 
they were stopped at the entrance and asked if they are willing to help complete a questionnaire. 

The survey was conducted between December 2018 and February 2019. To obtain a suitable sample 
size, some previous studies using the non-probabilistic method / sample convenience sample showed 
that respondents in a sample of 102 to 200 are enough to get almost significant results [6] [7] [8] [9] [10] 
[11] (Casalo et al., 2007; Chen & Dubinsky, 2003; Jarvenpaa et al., 2000; Karayanni, 2003; Udo, 2001; 
Gitman, Juchau, Flanagan 2015). In addition, from the perspective of factor analysis, [12] Field (2005) 
argued that "a sample of 300 or more likely solution will provide a stable factor" (p. 640). 

Based on the above reviews, the study sample consisted of more than 300 (n = 333) users in the 
metropolitan area of Monterrey. In addition, to solve the problems of translation of the survey in the 
contexts of different countries in this study a technique of double / reverse translation is used. 

3.2 The development of the research instrument 
A questionnaire of self-administered survey was designed to ensure the validity of content, most of the 
items in this questionnaire survey were selected and adapted from previous relevant studies [6] [11] 
(Casalo et al., 2007; Gitman, Juchau & Flanagan 2015). 

•  

 

 

 

 

 

 

 

 

 
Figure 1. Conceptual framework for the acceptance of online financial services. 
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Experience related with Internet is measured by the frequency with which users participate in the use of 
online financial services on an interval scale of five points, ranging from never to very often (more than 
once a week). Other research items are measured on a Likert scale of 5 points, ranging from strongly 
disagree to strongly agree. The sample characteristics, such as age, sex, education level and marital 
status were measured in categorical responses. 

3.3 Validity and reliability of the measuring instrument 
Factor analysis was performed to assess the validity of the construct, the principal component analysis 
(PCA) with Varimax rotation is used. In this study, factor analysis is considered appropriate because the 
measure of the adequacy of the sampling Kaisers-Meyer-Olkin (KMO) (0.9) indicates a suitability 
excellent sampling and testing Bartlett sphericity (p = 0.000) is significantly. 

Table 1. Construct validity and reliability of measurements 

Construct Variable of the article Own value Charge factor Explained 
variance (%) 

Cumulative 
percentage 

Cronbach's 
Alpha 

Experience with the Internet 
 P2INTE1 1.06 0.79 3.20 3.20 0.83 
 P2INTE1  0.83    
Perceived utility 
 P5UP1 1.59 0.68 4.82 8.02 0.88 
 P6UP2  0.75    
 P7UP3  0.76    
 P8UP4  0.74    
Reputation of the Company 
 P30RC1 1.40 0.86 4.24 12.26 0.91 
 P31RC2  0.90    
 P32RC3  0.91    
Perceived ease of use 
 P9FUP1 10.41 0.61 31.56 43.81 0.94 
 P10FUP2  0.79    
 P11FUP3  0.85    
 P12FUP4  0.88    
 P13FUP5  0.84    
 P14FUP6  0.82    
Consumer Innovation 
 P15IC1 3.76 0.79 11.40 55.22 0.87 
 P16IC2  0.74    
 P17IC3  0.81    
 P18IC4  0.79    
 P19IC5  0.67    
 P20IC6  0.41    
Perceived protection of privacy 
 P21PP1 2.92 0.72 8.84 64.05 0.88 
 P22PP2  0.73    
 P23PP3  0.83    
 P24PP4  0.85    
 P25PP5  0.75    
Perceived security 
 P26SP1 2.00 0.79 0.65 70.10 0.86 
 P27SP2  0.76    
 P28SP3  0.83    
 P29SP4  0.81    
Convenience 
 P33CV1 1.20 0.78 3.63 73.73 0.89 
 P34CV2  0.81    
 P35CV3  0.76    

Source: Own elaboration based on the analysis of the data. Note: no factor loads less than .40; The labels / variables of the 
elements have been ordered by significant loads in each factor. 
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The factor analysis results show that each element has a load of significant factor (i.e., load factor> 0.4) 
in one factor and there was not found that any element has crossload (ie, over a significant burden). In 
addition, the eight retained factors represent 73.7% of the total variance and were considered 
satisfactory in social sciences [13] (Hair et al., 2006). In addition, all variables were valid from 
multicollinearity, as indicators of Tolerance and VIF are close to 1. Based on the above, the construct 
validity of the subscales was confirmed. Furthermore, Cronbach's alpha, "the most used measuring 
instrument" [13] (Hair et al., 2006, p. 137), it was used to evaluate the reliability / internal consistency of 
each subscale. The acceptable threshold value of Cronbach is 0.7 [13] (Hair et al., 2006). All alpha 
coefficient values ranging from 0.833 to Internet-related experience to 0.937 for perceived ease of use 
were higher than the threshold value of 0.7. Therefore, a good reliability of various subscales (Table 1) 
is ensured. 

The correlation between the variables is significant and moderately correlated (r2 <.50) as the evidence 
of discriminant validity (Table 2). After confirming the reliability and duration of the research instrument, 
the score of each one was combined to create a composite that represents the corresponding research 
structures [13] (Hair, Black, Babin, Anderson & Tatham, 2006). 

Table 2. The correlation between research variables. 

 UP FUP IC PP SP RC CV INTE 
FUP .628**    --       
IC .458** .510**   --      
PP .284** .271** .425**    --     
SP .314** .185** .317** .444**    --    
RC .295** .238** .071 .205** .036    --   
CV .578** .513** .364** .279** .159** .431**    --  
INTE .192** .192** .084 .030 .087 .152** .160**  -- 

Source: Own elaboration based on the analysis of the data. 
** The correlation is significant at a level of 0.01 (2 tails). 

4 ANALYSIS AND RESULTS 

4.1 Descriptive Analysis 
The sample usable for this study includes 333 respondents. Based on the self-reported acceptance 
behaviour of online financial services, 333 respondents are divided into groups of adopters (n = 217) 
and non-adopters (n = 116) by the average of their uses. The adopter segment represented 65.2% of 
the total usable sample and 34.8% of the total sample usable are not adopters. Within the group of 
adopters, the transfer of funds between bank accounts (81.57%), the purchase / sale of shares (34.10%) 
and the purchase / sale of mutual funds (27.65%) dominated significantly and clearly other uses of the 
funds. online financial services, such as applications for bank loans (2.30%) and purchase of insurance 
(3.23%) (Table 3). 

Table 3. Frequency of adopters for specific types of online financial services. 

Types of Online Services No. of Adopting % 
Transfer of funds between bank accounts 177 81.57 
Application for bank loans 5 2.30 
Foreign currency (purchase / sale) 28 12.90 
Stocks (purchase / sale) 74 34.10 
Bonds (purchase / sale) 5 2.30 
Mutual funds (purchase / sale) 60 27.65 
Insurance (purchase) 7 3.23 
Source: Own elaboration based on the analysis of the data. 
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4.2 The demographic differences between non-adopters and adopters in the 
acceptance of online financial services 

The Chi square test (c2) was used to assess whether individual demographic data affect the 
acceptance of online financial services. No significant difference was found between the gender and 
if the respondent was an adopter (c2 (1) = 2.86, p> .05). Unlike 42.2% of non-adopters, only 22.5% 
of adopters were under 30 years old. 

The university graduates formed the largest group of educational level both in non-adopters and in 
adopters (76.7% for non-adopters and 71.4% for adopters). In addition, 46.5% of non-adopters were 
single, while only 29% of adopters were single. At p <.05, trial 2 identified significant differences 
between non-adopters and adopters in terms of age (c2 (3) = 15.61, p <.05), the highest level of 
education (c2 (2) = 6.65, p <.05), and marital status (c2 (1) = 10.18, p <.05) (Table 4). 

Table 4. Demographic differences between adopters and non-adopters 

Demographic Category 
Non adopters 

(n=116) 
Adopter 
(n=217) X2 

Gender Men 47 (40.5%) 109 (50.2%) 2.86 

 Woman 69 (59.5%) 108 (49.8%)  
Age Less than 30 49 (42.2%) 49 (22.5%) 15.61* 

 31-40 years  17 (14.7%) 57 (26.3%)  
 41-50 years 22 (19.0%) 46 (21.2%)  
 51+ years 28 (24.1%) 65 (30.0%)  

Highest 
educational level 

High school or less  21 (18.1%) 31 (14.3%) 6.65* 

 University degree 89 (76.7%) 155 (71.4%)  
 Titled 6 (5.2%) 31 (14.3%)  

Marital status Single 54 (46.5%) 63 (29.0%) 10.18* 
 Married 62 (53.5%) 154 (71.0%)  

Source: Own elaboration based on the analysis of the data. 
Note: The data shown as n (%); there were no expected frequencies / counts below 5. * p	<.05		

4.3 The relationship between the research factors and the intention to use 
Due to the concerns of non-normality in the distribution of the sample, the correlation analysis 
(Spearman's rho) is chosen to identify the relationship between each research factor and the intention 
to use online financial services. The hypotheses (H1 ~ H8) are well supported, except for the relationship 
between the reputation of the company (H6) and the intention to use the online financial service is 
insignificant (p> .05) (Table 5). 

Table 5. The correlation between research indicators and the intention to use online financial services 

 INTE UP PEOU CI PP PS CR CV 

Intention .203** .624** .522** .502** .211** .287** .066 .514** 
Source: Own elaboration based on the analysis of the data. 
Note: ** The correlation is significant at p <0.01; * The correlation is significant at p <0.05 (2 tails). 
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4.4 The relationship between the research factors and the intention to use 

Table 6. Differences in research factors between non-adopters and adopters 

Variables Middle range Mann-Whitney U 
 Non adopters 

(n=116) 
Adopter 
(n=217) 

 

Internet-related experience 150.44 175.85 10665.5* 
Perceived utility 101.37 202.09 4972.5* 
Perceived ease of use 109.17 197.91 5878* 
Consumer innovation 109.41 197.79 5905* 
Protection of perceived privacy 149.67 176.26 10576* 
Perceived Security 132.51 185.44 8585.5* 
Reputation of the company 163.65 168.79 12197.5 
Convenience 135.48 183.85 8930.5* 
Intention 82.82 212 2821* 
Source: Own elaboration based on the analysis of the data. Note: * Significant in p <.05 

To identify the differences in 9 research factors: the Mann-Whitney U test was used. The results show 
that there are significant differences in the factors related to Internet experience, perceived utility, 
consumer innovation, protection of the perceived privacy, perceived safety, convenience and intention 
(p <.05), except for the reputation of the company where its significant level is greater than .05 (Table 
6). 

4.5 Prediction of acceptance behaviour 
A logistic regression model, given by the following equation, is used to estimate the probability that each 
respondent adopts online financial services and identifies theoretical factors that significantly predict 
whether a person adopts online financial services. 

Logit = ln [P / (1- P)] = B0+B1X1+. +Bi Xi 

Where P, which is between 0 and 1, is the probability that an event will occur, B0 denotes a constant, 
and Bi, the effect of the predictive variable (Xi) on P, represents the coefficient of Xi. In this study, P 
represents the probability that an individual adopts financial services online and Xi denotes the 
theoretical factor i, for example, the consumer's innovation capacity. 

This logistic regression model accurately predicts group membership (ie, adopters and non-adopters). 
For non-adopters, this model correctly classifies 69 respondents who do not adopt any online financial 
service, but erroneously classifies 47 cases; therefore, it correctly classifies around 60% of cases 
(69/116). For adopters, this model correctly classifies 192 respondents who adopted online financial 
services, but classifies erroneously 25 cases, so it is correct to classify 88.5% of cases (192/217). In 
general, this logistic regression model predicts / accurately classifies 78.4% of the respondents. In 
addition, this model had a value of Nagelkerke R2 of 0.492, that is, this logistic regression model explains 
approximately 50% of the variation between non adopters and adopters. 

In addition, the non-significant value (p> 0.886) of the Hosmer-Lemeshow goodness of fit statistic (X2 = 
3.660) indicates that this logistic regression model is significantly different from a perfect model, which 
can classify / adjust the observed data very well [12] [13] (Field, 2005, Hair et al., 2006). In other words, 
the proposed logistic regression model equation can successfully predict the behaviour of an individual's 
acceptance of online financial services. 

Perceived utility (PU), perceived ease of use (FUP), consumer innovation (CI), perceived privacy (PP) 
and perceived safety (SP) had significantly positive associations with the likelihood of an individual 
adopting services online financials where B> 0 and p- value <.05. On the other hand, according to the 
Wald test in Table 7, the original coefficients (B) of the reputation of the company (CR), convenience 
(CV) and previous experience related to the Internet (INTE) are not significantly different from zero, p-
value> .05. 
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Table 7. The results of the logistic regression tests. 

Variable B S. E Wald df Sig. 
UP 1.416 0.311 20.781 1 0.000* 
FUP 0.842 0.265 10.076 1 0.002* 
IC 1.107 0.267 17.243 1 0.000* 
PP 0.516 0.211 5.944 1 0.015* 
SP 0.546 0.227 5.798 1 0.016* 
RC -0.063 0.243 0.068 1 0.794 
CV -0.324 0.325 0.993 1 0.319 
INTE 0.083 0.173 0.230 1 0.632 
Constante -8.806 1.448 36.973 1 0.000* 
Source: Own elaboration based on the analysis of the data.  
Note: * Significant in p <.05 

However, the company's reputation (CR), convenience (CV) and Internet-related experience (INTE) had 
no significant associations with the likelihood that an individual would adopt the online financial service. 
Based on the above, the logistic regression model of this study can be proposed as follows 

Logit =ln [P / (1- P)] = -8.806 + (1.416 Perceived Utility) 
+ (.842 Perceived ease of use) + (1.107 Client Innovation)  
+ (.516 Perceived Privacy) + (.546 Perceived Security) 
Where P means the probability that an individual adopts online financial services 

In general, this logistic regression model predicted / accurately classified 78.4% of the respondents. In 
addition, this model had a value of R2 of .492, that is, this logistic regression model can explain 
approximately 50% of the variation between non-adopters and adopters. 

Table 8. The predictive precision of the logistic regression model Classification table 

Observed   Prediction  

   Adopter Correct 
  No Yes Percentage 

Adopter No 69 47 59.5 
 Yes 25 192 88.5 
Total Percentage    78.4 
Source: Own elaboration based on the analysis of the data. 
Note. a. The cut-off value is 500. 

As presented in Table 9, the non-significant value (.886) of the Hosmer-Lemeshow goodness-of-fit 
statistic (X2 = 3.660) indicated that this logistic regression model did not differ significantly from a perfect 
model, / was adapted to the data observed very well [12] [13] (Field, 2005; Hair et al., 2006), that is, the 
proposed logistic regression model equation (2) can successfully predict the behaviour of an individual's 
acceptance of online financial services. 

Table 9. Hosmer and Lemeshow test 

Chi-square df Sig. 

3.660 8 .886 
Source: Own elaboration based on the analysis of the data. 

As noted, all the theoretical factors, except the reputation of the company, had statistically significant 
relationships with the intention of consumers in the metropolitan area of Monterrey to adopt financial 
services online. In addition, the results of the test of a logistic regression model indicate that all the 
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theoretical factors, excluding the reputation of the company, the convenience and previous experience 
related to the Internet, are considered important predictors for the acceptance of online financial 
services. Although factors such as convenience and previous experience related to the Internet have 
shown significant relationships with the intention of consumers in the metropolitan area of Monterrey to 
adopt online financial services, they cannot significantly predict the actual behaviour of accepting online 
financial services of consumers. 

Regarding to the relative influence of each of the theoretical factors considered, it should be noted that 
some of these had a significant influence on the likelihood that consumers in the Monterey metropolitan 
area would adopt online financial services, while others did not show an influence clear. The logistic 
regression model indicated that the most influential factor is the perceived utility (B = 1,416), followed 
by the innovation capacity of the consumer (B = 1,107), the perceived ease of use (B = 0.842), the 
perceived safety (B = 0.546) and perception. Protection of privacy (B = 0.516). On the contrary, it was 
found that the previous experience related to the Internet (IRE), the company reputation (CR) and the 
convenience (CV) do not have a significant effect. 

5 DISCUSSIONS 
There is a potential indication that consumers in the Monterey metropolitan area will place a strong 
emphasis on the reputation of the company to reduce uncertainties and perceptions of risk when 
purchasing products online or in physical stores. This reasonable inference can provide a satisfactory 
relationship of the insignificant relationship between the reputation of the company and the intent of 
consumers in the Monterey metropolitan area to use online financial services and may explain the limited 
ability of the company's reputation to predict the actual behaviour of consumer acceptance. 

Derived from the constructions in TAM2, the effect of the perceived utility is moderate and correlates 
positively with the intention of consumers in the Monterey metropolitan area to use online financial 
services. Therefore, this research suggests that when planning / developing their online financial 
services systems, financial institutions in the Monterey metropolitan area should place more emphasis 
on how to reduce ambiguities in the tasks of Internet users and improve their work performance. To 
increase perceived utility, online financial services websites must (a) provide detailed and informative 
content of their financial services, (b) allow the delivery of personalized services, such as personalized 
messages and recommended lists of financial services based on the personal information of consumers 
profiles, (c) respond in a timely manner to customer inquiries and complaints, and (d) deliver their 
financial services to clients as advertised. 

The perceived ease of use had a moderate and positive relationship with the intention of consumers in 
the Monterey metropolitan area to use online financial services and acted as a statistically significant 
predictor of the actual acceptance behaviour of online financial services. Therefore, it is recommended 
that online financial services providers in the Monterey metropolitan area make their websites easy to 
understand, navigate, place orders and make payments. 

Regarding the intention variable, it was found that adopters of online financial services have greater 
intention to use than non-adopters. Based on the above findings, this study suggested that TAM2 is a 
valid model for predicting the intent of consumers in the metropolitan area and to explain the difference 
in intention between adopters and non-adopters in the financial services sector. 

The finding shows that consumer innovation is not merely moderate or positively correlated with the 
intent of consumers in the Monterey metropolitan area, however, it is important to predict whether a 
person can adopt financial services online. This result is consistent with many previous studies of 
acceptance of innovations [14] [15] [16] (Goldsmith, 2000, 2001, Goldsmith & Flynn, 2004). 

This study implies that, to effectively attract the most innovative adopters, financial institutions should 
pay close attention to improvements in their existing online financial services and make great efforts to 
innovate new online financial services. 

Regarding the protection of privacy and perceived safety, the results indicate that both predictors are 
positively associated with the intention of consumers when they use online financial services and are 
important in predicting whether a person will adopt these or not. As a result, this study suggests that 
online financial service providers should give priority to improving the protection of privacy and system 
security so that consumer confidence can be increased. 

4684



REFERENCES 
[1] Davis, F.D. (1989) Perceived usefulness, perceived ease of use and user acceptance of information 

technology. MIS Quarterly, 319-340. 

[2] Davis, F.D., Bagozzi, R.P., Warshaw, P.R. (1989) User acceptance of computer technology: A 
comparison of two theoretical models. Management Science, 35(8), 982-1003.  

[3] Davis, F.D., & Venkatesh, V. (2000) A theoretical extension of the technology acceptance model: 
Four longitudinal field studies. Management Science, 46(2), 186-204. 

[4] Davis, F.D., & Venkatesh, V. (1996) A model of the antecedents of perceived ease of use: 
Development and test. Decision Sciences, 27(3), 451-481. 

[5] Craig, C.S., Douglas, S.P. (2005) International marketing research (3rd ed.). John Wiley and Sons 
Chichester, England.  

[6] Casalo, L.V., Flavián, C., & Guinaliu, M. (2007) The role of security, privacy, usability and reputation 
in the development of online banking. Online Information Review, 31(5), 583-603. 

[7] Chen, Z., & Dubinsky, A.J. (2003) A conceptual model of perceived customer value in e- commerce: 
A preliminary investigation. Psychology and Marketing, 20(4), 323-347. 

[8] Jarvenpaa, S.L., Tractinsky, N., & Vitale, M. (2000). Consumer trust in an Internet store. 

[9] Karayanni, D.A. (2003) Web shoppers and non-shoppers: Compatibility, relative advantage, and 
demographics. European Business Review, 15(3), 141-152. 

[10] Udo, G.J. (2001) Privacy and security concern as major barrier for e-commerce: A survey study. 
Information Management and Computer Security, 9(4), 165-174. 

[11] Gitman, L. J., Juchau, R., & Flanagan, J. (2015). Principles of managerial finance. Pearson Higher 
Education AU. 

[12] Field, A.  (2005) Discovering statistics using SPSS (2nd ed.).  Sage, London. 

[13] Hair, J.F., Black, W.C., Babin, B.J., Anderson, R.E., & Tatham, R.L. (2006) Multivariate data 
analysis (6th ed.). Prentice Hall, Upper Saddle River, NJ. 

[14] Goldsmith, R.E. (2000) How innovativeness differentiates online buyers. Quarterly Journal of 
Electronic Commerce, 1(4), 323-333. 

[15] Goldsmith, R.E. (2001) Using the domain specific innovativeness scale to identify innovative 
Internet consumers. Internet Research: Electronic Networking Applications and Policy, 11(2), 149-
158. 

[16] Goldsmith, R.E., Flynn, L.R. (2004) Psychological and behavioral drivers of online clothing 
purchases. Journal of Fashion Marketing and Management, 8(1), 84-95.  

4685




