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Abstract 
Education is a crucial determinant of financial and social improvement of a country and implies the 
nature of its human asset improvement. The education market in India is currently valued at US$ 100 
billion and is expected to nearly double to US$ 180 billion by 2020. There has been a surge in the 
number of educational apps that have been introduced in the Indian market. Currently, there are more 
than 3.17 million applications available in various app stores, out of which approximately 15%-16% apps 
are categorized under education. It is a dynamic approach which uses parallel methods of student 
engagements for developing their spatial skills and promotes experiential learning. In the above context, 
it is important to understand the reasons why students are enrolling for online learning websites or apps. 
The study has been conducted to achieve following objectives: To study the perception of students 
towards online learning apps and websites; To examine the parameters leading to adoption and 
continuation usage of online learning apps and websites; To analyse the difference among students in 
their intention to use online learning apps regarding their selected demographic profile. 
A total of 250 students of Standard IX to XII from different Education boards were surveyed in the Delhi. 
The research hypothesizes seven constructs, i.e. Perceived ease of use, Perceived Usefulness, Social 
Influence (parents, teachers, peers), Affordability, Engagement, Content Quality and Trust to that 
determine Behavioural Intention to use and Continuous intention to use online learning apps. Study 
attempts to examine the perception of students towards usage of online learning website and apps. The 
proposed measurement model has been assessed conducting Confirmatory Factor Analysis and 
ANOVA was applied to test the difference in the behavioral usage intention among students in terms of 
their age, course majors, gender and school type (government owned or privately owned). 

• The results of p-value for path analysis in the proposed model shows that except affordability all 
other six constructs are significant in explaining the behavioral usage intention. The significant 
p-values for Perceived ease of use, Perceived Usefulness and Content quality is less than 0.05 
implying that these constructs influence the Continuous usage of Online learning websites and 
apps. 

• As per the results of ANOVA there is significant difference among students towards behavioural 
usage intention of online learning regarding their gender and school type. 

The findings indicate that face to face teaching is still the most preferred mode of learning, but online 
education also provides a potential alternative to the senior school students. Features like anytime-
anywhere access, more exposure and exhaustive question bank make it more satisfying and 
wholesome. More technical subjects like Maths, Physics and Accounts can be easily comprehended 
with the help of online tutorials as a three-dimensional preview is possible. The classroom experience 
which the students found missing can be further created by providing possibility of interaction among 
the users. The market is in developing stage with every new entrant proposing and claiming a cutting-
edge feature for differentiation. The underlying reasons of preference among students pertaining to 
online apps will help marketers for better development of learning apps. 

Keywords: Perceived Ease of use, Perceived Usefulness, Social Influence. 

1 INTRODUCTION 
In India, the education is experiencing a paradigm shift with advent of multiple technology enabled 
learning opportunities. Digital media tools are serving the social agenda of creating a new educational 
environment to establish the dialogue in a more affordable manner [1]. Education of students extends 
beyond the school building and is much more than teacher delivering to students. The vision of Mark 
Weiser (Xerox PARC Lab) is transforming into reality where users are unaware of the presence of 
computer in various forms but are focused majorly on learning of contextual material. Online education 
has provided a new platform of learning to develop a student’s mindset in developing economies. It 
has resulted into a surge in the number of educational apps that have been introduced in the Indian 
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market. Currently, there are more than 3.17 million applications available in various app stores, out of 
which approximately 15%-16% apps are categorized under education. The analysts forecast global 
education apps market to grow at a CAGR of 34.72% over the period 2014-2019.  
These apps are making it viable to learn without the classroom settings and enables the presence of 
learning content to context aware devices like mobile phones. Studies revealed that such 
boundaryless learning enhances the student learning interests and achievement [2], [3]. It is a 
dynamic approach which uses parallel methods of student engagements for developing their spatial 
skills and promotes experiential learning [4]. There has been significant research on continuity of the 
learning experience across spaces [5] giving benefits of affordability and boundaryless learning. The 
social interaction involved in it helps in accelerating the didactic teaching due to collaborative 
approach. Further, development of wireless technology and sensor technique with superfast data 
analysis has promoted it as a future trend in emerging economies like India where usage of smart 
devices is soaring exponentially.  
Such technology will provide ample flexibility to students to learn & understand concepts better, to 
analyse their strengths and weaknesses, and to have dialogues with teachers for more productive 
learning.  Thus, resulting into soaring number of students flocking to education apps such as Byju’s, 
Vedantu, Meritnation, Simplilearn, etc. Moreover, in a developing economy like India, it offers a more 
cost- effective solution to government with better reach and penetration possibilities (Massive Open 
Online Course- MOOC). Although Indian online learning sector is in nascent stage but current 
scenario projects it’s potential to grow at fast pace in near future. 
In the above context, it is important to understand the perception of the students while enrolling for 
online learning websites or apps. This study has been conducted to examine the parameters leading 
to adoption and continuation in usage of online learning apps and websites. The study also explores 
the difference among intention of students while using online learning apps. 

1.1 Student’s perception of online learning websites or Apps 
The study jumpstarts from exploring the perception of the online learning by the students while 
enrolling for the course. As the accomplishment rates of online course are quite low, it is important to 
understand what derives the students to take up an online course. The students enrol in the course, 
but completion rate is quite low. [6] Authors fortified that student’s requirements and their perceptions 
should be considered prior to designing online courses. Also, online learning needs a requisite level of 
ease with web technologies [7]. As compared to face to face learning schedules, online learning is 
perceived as associated with convenience, flexible scheduling, working at own pace and to complete 
the work with internet access [8]. Factors which are perceived responsible for student perception of 
online learning are namely – design of course, dialogues established, social support, technical support 
and assessment parameters for evaluation of outcome [9]. The instructor immediacy is considered as 
a very strong predictor for satisfaction in such courses [10] [11] [12]. Main factors exhibiting perception 
of student for online case are interaction and participation, popularity, technology, effective teaching 
and convenience [13]. 

The acceptance of information technology by people can be attributed to various models. The basic 
model is Theory of Reasoned Action [14] which proposes behavioural intention (BI), as more crucial 
component than attitude, for predicting behaviour. But this theory is not able to explain impulsive 
decision making. It is further upgraded as Theory of Planned Behaviour where the Perceived 
Behavioral Control (PBC) component is appended to include beyond control situations in behavior. 
These theories are further adapted to design the Technology Acceptance Model (TAM) to 
understand factors contributing in behavior to accept of applications of information technology like 
internet-based learning through websites and apps [15]. TAM states that the degree of belief of a 
person that using a specific system will increase the job performance termed as Perceived 
Usefulness. It also explains that the degree of belief of a person that this specific system can be used 
without much effort known as Perceived Ease of Use. The TAM has emerged as a powerful way to 
represent the antecedent of system usage through beliefs about these two factors. 

Further TAM is extended to create the most extensive framework regarding acceptance of technology 
and related behavior which is termed as The Unified Theory of Acceptance and Use of 
Technology (UTAUT) [16].It has four predictors of behavioral intention or usage namely performance 
expectancy(increased productivity by system usage), effort expectancy(ease of using the system), 
social influence (others belief to use the system) and facilitating conditions(belief to get supportive 
infrastructure). UTAUT is an empirically validated model in which these four direct independents of 
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behavioral intention and use behavior. These factors vary in their degree depending upon the 
voluntary usage of system or mandated usage of system by the user. Further, to make the model 
more comprehensive to study - two new constructs of trust and website quality are appended while 
researching on e-governance services adoption by customers [17]. Trust is the expectation of user 
that the provider can be relied for fulfillment of the promises made [18] [19]. Whereas, website quality 
is based on the goodness of fit for the website content and services provided [20]. These both 
variables are suitably applicable to online learning adoption and usage.  

In Indian context the students have opted for online learning to establish a dialogue with instructor. 
This factor is mentioned as active learning as it is user engagement with the online course [21]. 
Popularity of online course can be directly proportional to the engagement generated by the online 
systems [22]. Therefore, this study will take this point strongly and append user engagement as an 
independent construct in the proposed research model. 

2 METHODOLOGY 
A total of 250 students of Standard IX to XII from different Education boards were surveyed in the 
Delhi, India. The research hypothesizes seven constructs, i.e. Perceived ease of use, Perceived 
Usefulness, Social Influence (parents, teachers, peers), Affordability, Engagement, Content Quality 
and Trust to that determine Behavioural Intention to use and Continuous intention to use online 
learning apps. Study attempts to examine the perception of students towards usage of online learning 
website and apps. Data has been collected during the period of 4 months from November 2018 to 
February 2019. The proposed measurement model has been assessed conducting Structural 
Equation Modelling using AMOS 23 and ANOVA was applied using SPSS 23 to test the difference in 
the behavioral usage intention among students in terms of their age, course majors, gender and 
school type (government owned or private).  

3 RESULTS 
As illustrated in Table 1, there was more representation of male 57.2 percent (n=143) respondents in the 
study as compared to female 42.8 percent (n=107). There was highest student representation from XII 
standard 35.6 percent followed by 32.8 percent from X standard. The data also shows that majority of 
the respondents, 60.8 percent (n=152) were from CBSE, the most followed education board by schools 
in India. 

Table 1 Demographic Profile 

Category Number of Respondents Percentage of Respondents 
Gender 
Male 143 57.2 
Female 107 42.8 
Standard 
IX 23 9.2 
X 82 32.8 
XI 56 22.4 
XII 89 35.6 
School Type 
Government 104 41.6 
Private 146 58.4 
Type of Education Board   
Central Board of Secondary Education (CBSE) 152 60.8 
Indian Certificate of Secondary Education (ICSE) 53 21.2 
State Board 17 6.8 
International Baccalaureate (IB) 28 11.2 

Source: Researcher’ s Survey Data 

Table 2 shows the usage pattern and preferences for using Online learning apps. The data shows that 
the main source of information according to respondents for learning apps is advertisement (46.4 
percent). The frequencies show students mainly opt for Online learning website/ apps as it makes 
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learning easy through simulation models (45.2 percent) and 35.6 percent of students have subscribed 
for online learning apps for additional practice questions. The time spent by students on these online 
learning websites is mostly less than 4 hours in a week.  

Table 2 Perception towards Online Learning Apps 

Category Number of Respondents Percentage of Respondents 
Source of Information 
Advertisement 116 46.4 
Social Media 51 20.4 
Friends 67 26.8 
Teacher 16 6.4 
Courses Preference 
English 12 4.8 
Mathematics 86 34.4 
Science 91 36.4 
Economics 14 5.6 
Accountancy 47 18.8 
Reason for using Online Learning Apps 
Practice Questions 89 35.6 
Value Addition 48 19.2 
Learning through Simulation 113 45.2 
Time Spent (Weekly)   
Less than 2 hours 73 29.2 
2- 4 hours 108 43.2 
More than 4 hours 69 27.6 

Source: Researcher’ s Survey Data 

Result of ANOVA as presented in Table 3 shows that there is significant difference regarding usage 
intention of online learning apps among boys and girls. In addition, students of private school and 
government owned school also show significant difference in their adoption and usage of online 
learning apps.  

Table 3: ANOVA – Usage Intention and Selected Demographic Variables 

Criteria 
Sum of 
Squares df 

Mean 
Square F Sig. 

Education 
Board 

Between Groups 2.014 3 .671 1.713 .165 
Within Groups 96.386 246 .392     
Total 98.400 249       

Standard Between Groups .150 3 .050 .124 .946 
Within Groups 99.274 246 .404     
Total 99.424 249       

Gender Between Groups 9.153 1 9.153 7.666 .006 
Within Groups 296.110 248 1.194     
Total 305.263 249       

School Type Between Groups 15.108 1 15.108 12.953 .000 
Within Groups 289.269 248 1.166     
Total 304.377 249       

Source: Researcher’ s Survey Data 

Confirmatory factor analysis (CFA) was performed using AMOS 23 to measure the unidimensional, 
convergent and discriminant validity. An evaluation of the measurement model consists of Internal 
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Consistency (Cronbach’s Alpha), Composite Reliability (CR)), Convergent Validity (individual Indicator 
Reliability and Average Variance Extracted) [23]. As a rule of thumb, the Composite Reliability values 
must be greater than 0.7 and the AVE must be higher than 0.50. Table- 4 presents the results of 
Composite Reliability and Average Variance Extracted (AVE) have reached up to the required 
standard. 

Table 4: Reliability and Validity Test Results 

 Convergent Validity Internal Reliability 

Latent Constructs AVE>0.50 Composite Reliability (0.60-0.90) 
App Trust 0.5059 0.7537 
Content Quality 0.7686 0.9088 
Perceived Ease of Use 0.5398 0.7781 
Perceived Usefulness 0.6406 0.8830 
Engagement 0.6235 0.8314 
Affordability 0.5708 0.8692 
Social Influence 0.5598 0.7872 
Behavioural Usage Intention 0.6672 0.7997 
Source: Researcher’ s Survey Data 

The goodness of fit indices for the final structural model shown in Table 5, and results suggest a good 
fit to the data. Structural equation modeling (SEM) was used to test the hypothesized relationships in 
the proposed model, the structural equation modeling technique enables the simultaneous estimation 
of multiple regression equations in a single framework. The model was estimated using maximum 
likelihood method. It has been specified that a model whose root mean square error approximation 
(RMSEA) is less than 0.05 has a close fit; an RMSEA of less than 0.08 has a good fit [24]. Further, it is 
recommended that the GFI and NFI should be above 0.90 and the AGFI above 0.80 for a good fit [25] 
[26]. The CFI should also be above 0.90 [25], [27], [28]. 

Table 5: Goodness of Fit Indices 

Category Model Fit 
Result 

Fit Criteria Acceptable 

Absolute Fit Index RMSEA 0.052 Range 0.05 to 0.1 Yes 

 GFI 0.956 Close to 0.90 Yes 

Incremental Fit Index AGFI 0.851 Close to 0.90 Yes 

 CFI 0.943 Close to 0.90 Yes 

 NFI 0.898 Close to 0.90 Yes 

 TLI 0.932 Close to 0.90 Yes 

Parsimonious Fit Index ChiSq/ df 1.674 Below 5.00 Yes 
Source: Researcher’ s Survey Data 

Table 6 illustrates the Path relationships of the hypothesized model, six constructs (Perceived ease of 
use, Perceived Usefulness, Social Influence, Engagement, Content Quality and Trust had p-value <= 
0.05) are found to have significant positive standardized path coefficients. Affordability is found to be 
non-significant in explaining the usage intention of the online learning websites or apps. Table 7 
shows standardised regression weights of the relationship between seven independent variables and 
the behavioural usage intention; in addition, it also shows the influence of usage intention on the 
Continuance usage intention of the students. 

9607



Table 6: Path Analysis 

Path Relationships Estimate S.E. C.R. P Significant 
Behavioural Usage Intention <--- App Trust 0.432 0.108 4.015 *** Yes 
Behavioural Usage Intention <--- Content Quality 0.096 0.03 3.23 0.001 Yes 
Behavioural Usage Intention <--- Perceived Ease of Use 0.169 0.061 2.767 0.006 Yes 
Behavioural Usage Intention <--- Perceived Usefulness 0.076 0.025 3.067 0.002 Yes 
Behavioural Usage Intention <--- Engagement 0.1 0.033 3.029 0.002 Yes 
Behavioural Usage Intention <--- Affordability 0.005 0.033 0.166 0.868 No 
Behavioural Usage Intention <--- Social Influence 0.144 0.059 2.447 0.014 Yes 
Continue Usage Intention <--- Behavioural Usage 
Intention 0.871 0.131 6.666 *** Yes 

Source: Researcher’ s Survey Data 

Table 7: Standardised Regression Weights of the Model 

Path Relationships Estimate 
Behavioural Usage Intention <--- Perceived Usefulness 0.228 
Behavioural Usage Intention <--- Perceived Ease of Use 0.24 
Behavioural Usage Intention <--- Affordability 0.016 
Behavioural Usage Intention <--- Social Influence 0.235 
Behavioural Usage Intention <--- Content Quality 0.282 
Behavioural Usage Intention <--- Engagement 0.233 
Behavioural Usage Intention <--- App Trust 0.611 
Continue Usage Intention <--- Behavioural Usage Intention 0.521 
Source: Researcher’ s Survey Data 

A structural model is fit to the Behavioural usage intention and Continuance usage intention of 
learning apps according to the model structure given in Figure 1. In accordance with the parameter 
estimates shown in Figure 1, Behavioural Usage Intention is positively and significantly related to 
Continue Usage Intention for Online learning apps (coefficient=0.52, p =<0.05). 

 
Figure 1 Proposed Model for Usage of Online Learning Apps 
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Based on Co-variances result as shown in Table 8 Online learning App trust was found to have 
positive significant relationship with Perceived ease of use (p4r<0.05), Social Influence (p<0.05) and 
Content Quality (p<0.05). Content Quality has positive significant correlation with Perceived ease of 
use (p<0.05) and Perceived Usefulness (p<0.05). 

Table 8: Co-Variances Results 

  Estimate S.E. C.R. P 
Perceived Ease of Use <--> App Trust 0.145 0.029 5.067 *** 
Social Influence <--> App Trust 0.118 0.025 4.712 *** 
Content Quality <--> App Trust 0.249 0.047 5.31 *** 
Perceived Ease of Use <--> Content Quality 0.169 0.049 3.449 *** 
Perceived Usefulness <--> Content Quality 0.236 0.076 3.128 0.002 

4 CONCLUSIONS 
This study focuses on understanding the student’s perception about online learning and to 
demonstrate the factors leading to this perception about online learning websites or apps. The study 
has its foundation in modified UTAUT as theoretical model. Affordability and Engagement are further 
appended in this model and their validity & significant role is been tested for Behavioural Purchase 
Intentions. 

The literature review and analysis decipher that main factors making an impact on usage intention are 
- Perceived ease of use, Perceived Usefulness, Social Influence, Engagement, Content Quality and 
Trust. It is also proved that Behavioural Usage Intention is positively and significantly related to 
Continuance Usage Intention The empirical model found Affordability to be non-significant in this 
context. This finding can have long term implications on the pricing strategy of online learning courses. 
It is a vital sign to indicate more research required in this area soon. Moreover, the analysis supports 
that students mainly opt for Online learning website & apps as it makes learning easy through 
simulation models. Thus, the content of online course should primarily comprise of the animated 
processes, process flows and simulated models to influence the adoption and usage. The survey also 
indicated that students using such sources are spending less than 4 hours on such websites or apps. 
This time span can further be enhanced by offering more practice questions framed creatively for 
different level of learners. This will also help in engagement of the student with the content of the 
online learning website & apps. This help to conclude that the lacunae in offline teaching are probably 
the most prominent reasons to enrol in online learning websites or Apps. 

It can be concluded that this study is conducted in a comparatively emerging domain of online learning 
in India. Findings of this research should be able to provide valuable insights about adoption and 
continuation usage of online learning apps and websites in the future course of time. The providers 
should develop the online courses as a dynamic approach using parallel methods of learning for 
developing their spatial skills and promoting experiential learning. This will transform the education 
sector in India with technology providing flexibility to students to learn and, to have dialogues with 
teachers for more conducive learning environment. 

REFERENCES 
[1] Cope, Bill, and Mary Kalantzis, "Towards a new learning: The scholar social knowledge 

workspace, in theory and practice," E-learning and Digital Media, vol. 10, no. 4, pp. 332-356, 
2013. 

[2] Huang, Y.-M., Chiu, P.-S., Liu, T.-C., & Chen, T.-S., “The design and implementation of a 
meaningful learning-based evaluation method for ubiquitous learning,” Computers & Education, 
vol. 57, no. 4, pp. 2291-2302, 2011. 

[3] Liu, I., Chen, M., Sun, Y., Weble, D., & Kuo, C., “Extending the TAM model to explore the factors 
that affect intention to use an online learning community,” Computers and Education, vol. 54, no. 
2, pp. 600–610, 2010. 

[4] Dalgarno, B. & Lee, M.J.W., “What are the learning affordances of 3-D virtual environments?,” 
British Journal of Educational Technology, vol. 41, no. 1, pp.10–32, 2010.   

9609



[5] Milrad, M., Wong, L.-H., Sharples, M., Hwang, G.-J., Looi, C.-K., & Ogata, H. (2013), “Seamless 
learning: an international perspective on next-generation technology-enhanced learning”, In 
Handbook of Mobile Learning (Z. L. Berge & L. Y. Muilenburg, Eds.), pp. 95-108, Abingdon: 
Routledge, 2013. 

[6] Sahin, I., & Shelley, M. (2008), “Considering students’ perceptions: The distance education 
student satisfaction model,” Educational Technology and Society, vol. 11, no. 3, pp. 216–223.  

[7] Lee, C.Y. & Witta, E. L. (2001). Online students’ perceived self-efficacy: Does it change? (ERIC 
Document Reproduction Service ED470094).   

[8] Cochran, J. D., Campbell, S. M., Baker, H. M., & Leeds, E. M. (2014), “The role of student 
characteristics in predicting retention in online courses,” Research in Higher Education, vol. 55, 
no. 1, pp. 27-48, 2014. 

[9] Hung, Min-Ling, and Chien Chou, "Students' perceptions of instructors' roles in blended and online 
learning environments: A comparative study," Computers & Education, vol. 81, pp. 315-325, 2015. 

[10] Cho, Moon-Heum, and YoonJung Cho, "Instructor scaffolding for interaction and students' 
academic engagement in online learning: Mediating role of perceived online class goal structures," 
The Internet and Higher Education, vol. 21, pp. 25-30, 2014. 

[11] Arbaugh, J. Ben, Michael R. Godfrey, Marianne Johnson, Birgit Leisen Pollack, Bruce Niendorf, 
and William Wresch, "Research in online and blended learning in the business disciplines: Key 
findings and possible future directions," The Internet and Higher Education, vol. 12, no. 2, pp. 71-
87, 2009. 

[12] Mazzolini, Margaret, and Sarah Maddison, "When to jump in: The role of the instructor in online 
discussion forums," Computers & Education, vol. 49, no. 2, pp. 193-213, 2007. 

[13] Dani, Shweta, Manisha Singhai, and Anukool M. Hyde. "Factors Affecting Student's Perception of 
Online Learning: An Empirical Analysis," Indian Journal of Industrial Relations, vol. 54, no. 2, 
2018. 

[14] Ajzen, I., & Fishbein, M. (1980). Understanding attitudes and predicting social behaviour. 
Englewood Cliffs, NJ: Prentice-Hall, Inc. 

[15] Davis, Fred D., "Perceived usefulness, perceived ease of use, and user acceptance of information 
technology," MIS quarterly, pp. 319-340, 1989. 

[16] Venkatesh, Viswanath, Michael G. Morris, Gordon B. Davis, and Fred D. Davis, "User acceptance 
of information technology: Toward a unified view," MIS quarterly, pp. 425-478, 2003. 

[17] Alshehri, Mohammed Abdulrahaman. "Using the UTAUT model to determine factors affecting 
acceptance and use of e-government services in the kingdom of Saudi Arabia." Griffith University 
(2012). 

[18] Rotter, Julian B., "A new scale for the measurement of interpersonal trust 1," Journal of 
personality, vol. 35, no. 4, pp. 651-665, 1967. 

[19] Carter, Lemuria, and France Bélanger, "The utilization of e-government services: citizen trust, 
innovation and acceptance factors," Information systems journal, vol. 15, no. 1, pp. 5-25, 2005. 

[20] Zhong, L. W., & Ying, J. A. (2008, October). The impact of website and offline quality on 
relationship quality: An empirical study on e-retailing. Proceedings of the 4th International 
Conference on Wireless Communications, Networking, and Mobile Computing Conference 
(WiCOM ‘08), 1-5. doi: 10.1109/WiCom.2008.2011. 

[21] Benek-Rivera, J., & Mathews, V. E., “Active learning with jeopardy: Students ask the questions,” 
Journal of Management Education, vol. 28, pp. 104–118, 2004. 

[22] Sarason, Yolanda, and Catherine Banbury, "Active learning facilitated by using a game-show 
format or who doesn’t want to be a millionaire?," Journal of Management Education, vol. 28, no. 4, 
pp. 509-518, 2004. 

[23] Hair, J.F., Hult, G.T.M., Ringle, C.M. and Sarstedt, M., A Primer on Partial Least Squares 
Structural Equation Modeling (PLS-SEM). Thousand Oaks, CA: Sage Publications Inc., 2017. 

9610



[24] Browne, M. W., & Cudeck, R., “Alternative ways of assessing model fit,” Sociological methods & 
research, Vol. 21, no. 2, pp. 230-258, 1992.  

[25] Hu, L. T., & Bentler, P. M., “Evaluating model fit” in Structural equation modeling: Concepts, 
issues and application (R. H. Hoyle, Ed.), pp. 77-99, Thousand Oaks, CA: Sage, 1995.  

[26] Chin, Wynne W., and Peter A. Todd, "On the use, usefulness, and ease of use of structural 
equation modeling in MIS research: a note of caution," MIS quarterly, vol. 19, no. 2, pp. 237-246, 
1995. 

[27] Awang, Z., SEM Made Simple: A Gentle Approach to Learning Structural Equation Modeling. 
Selangor, Malaysia: MPWS Rich Publication Sdn. Bhd., 2015. 

[28] Byrne, B. M., Structural Equation Modeling with Amos: Basic Concepts, Applications, and 
Programming. New York: Routledge, 2016. 

9611




